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Abstract  
Artificial intelligence (AI) chatbots have gained a lot of attention over the past years. The purpose of this study was to examine the effect of chatbot adoption, user experience, and user satisfaction on the use of chatbots. Based on a comprehensive review of literature, a conceptual model was developed to answer the research questions of the study and it was tested using 125 responses collected from an online questionnaire. The quantitative approach was used in this study. Data were analysed using PLS-SEM with SmartPLS 4. Findings revealed a significant positive effect of user satisfaction on continuance intention. Further, it revealed that perceived intrinsic values have a significant positive impact on user satisfaction compared to perceived extrinsic values. Usability had a more significant impact on perceived intrinsic values than responsiveness. But when it comes to perceived extrinsic values, responsiveness had a significant impact.  The findings of this study provided important implications for business managers in planning appropriate strategies to get the maximum out of chatbots. Finally, the findings of this study highlighted the directions for future research. Future research could utilize the model developed in this study to deepen the knowledge in this context.
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1. Introduction
With the emergence of intelligent agent technologies, AI has enabled human-machine interaction. Intelligent agents are AI technologies that perceive and function in a specific environment using actuators (Kaczorowska-Spychalska, 2019). There are three forms of intelligent agents, classified as Human-Agents, Robot-Agents, and Software-Agents (Russell et al., 2015). Among them, Conversational agents like chatbots belong to Software-Agents (Murtarelli et al., 2022). Chatbots, for instance, can capture consumer input and provide personalized services in real-time  (Kaczorowska-Spychalska, 2019). Chatbots are used in a diverse range of areas, such as banking, tourism, education, and healthcare (Yun & Park, 2022). 
Businesses are more frequently using chatbots for their direct interactions with customers to provide more personalized services (Appel et al., 2020). Further, Chatbot e-service agents are being used by brands to connect with consumers, offer rapid responses to consumer concerns, and deliver broad and deep information to eliminate uncertainty and provide customer satisfaction (Chung et al., 2020). On the other hand, the spreading of the coronavirus (COVID-19) has caused several challenges to businesses all over the world. Retailers were forced to implement rapid changes in their operations, and therefore, chatbots have emerged as realistic and scalable alternatives (McLean & Osei-Frimpong, 2019). With social distancing measures prompting the closure of many brick-and-mortar establishments, the online customer experience has become critical in boosting customer retention, making sales, and enhancing lead creation through automated customer services (McLean & Osei-Frimpong, 2019). Hence, chatbots play a vital role in the context of e-commerce and provide emerging research areas to broaden the knowledge base in the industry (Følstad et al., 2021).
On the other hand, "Generation Z," also known as "Digital Natives" and "Network Generation," is comprised of individuals who are easily mastered digital technologies since they were born in the information age (Shtepura, 2022). People who were born between 1997-2010 belong to this generation (Jayathilake, 2019). Although Generation Z is more technically savvy, most of the previous studies have considered Generation Y/Millennials to study customer attitudes towards chatbots and continuous intention to use chatbots (De Cicco et al., 2020; Murtarelli et al., 2022). Further, in the Sri Lankan context,  previous studies were carried out based on the telecommunication sector (Dias et al., 2020) and the banking sector (Weerabahu et al., 2019). However, they have not considered a specific age group. 
Businesses are using chatbot e-service agents to communicate with customers to deliver better customer service and boost customer satisfaction (Chung et al., 2020). Over the years, a number of studies have been conducted to explore the factors affecting chatbot usage (Gümüş & Çark, 2021), user experience (Chen et al., 2021; Gümüş & Çark, 2021), and customer satisfaction (Bakkouri et al., 2022; Chen et al., 2021; Hsiao & Chen, 2022) of chatbots. However, there is a lack of studies conducted on the continuance intention of chatbots. Moreover, the studies conducted on continuance intention have focused on anthropomorphism factors, behavioral intentions, and attitudes of the users. Accordingly, there is a gap in knowledge due to the lack of studies to examine the effect of technical-related factors such as Usability and Responsiveness on continuance intention (Hsiao & Chen, 2022). Thus, the purpose of the current study was to address this gap in the literature by answering the following research questions.
1. What are the factors affecting user satisfaction and continuance intention of chatbots?
1. What is the impact of those factors on user satisfaction and continuance intention of chatbots?
The rest of the paper is organized as follows. Section 2 presents a review of the literature along with a discussion on the development of the conceptual model and the hypotheses. Section 3 presents the research methods of the study and section 4 provides a discussion of the findings. Finally, section 5 provides the implications of this study and limitations and avenues for future research.
2. Literature Review, Conceptualization and Hypotheses Development
2.1. Categories of Chatbots and Usage of Chatbots
[bookmark: _Hlk141489877]Chatbots are software programs that can replicate human interactions through speech or text and serve as users' virtual assistants. Chatbots reflect the dehumanization of what is human and the humanization of technology (Kaczorowska-Spychalska, 2019). Chatbots are also referred to as software programs that mimic smart conversations with one or more users using text chats and voice instructions (Shawar & Atwell, 2007). Chatbots may hold brief discussions and respond to user inquiries based on the context and the incoming messages (Gupta et al., 2015). The following four types of chatbots are mainly used for providing customer service (Gümüş & Çark, 2021).
Flow-based chatbots: The chatbots belonging to this category use a predefined flow of conversations to provide the service. The services offered by the chatbots can be limited due to the number of rules or the actions are limited. When a user wants to get a service from the chatbot, it asks a few questions to identify what kind of service the customer wants to fulfill.
Artificial intelligence chatbots: Artificial intelligence chatbots mimic real human behavior, personality, and the way of using words. Therefore, chatbots come under this category and can provide a fresh and unique service for users. The user has the freedom to express his/her need by text or voice and the chatbot will analyze the request of the user to understand the requirement and provide the service.
Hybrid chatbots: This category can provide a better user experience since it is a combination of both flow-based and artificial intelligence chatbots. When the chatbot cannot identify the requirement of the user by analyzing the text or the voice he/she provided, the chatbot asks questions to get a better understanding of the user's requirement.
Human-Powered chatbots: Human-powered chatbots have a team of people who monitor the chatbot system. That means when the above-mentioned chatbots fail to provide a service to a customer a human operator will take over the conversation to interact with the customer. 
Usage of Chatbots in different fields
Studies have been conducted to find the usage of chatbots in the tourism and hospitality industry and health care industry. Accordingly, chatbots provide a better service in travel automation such as travel planning and reservation taking (Abou-Shouk et al., 2021; Dhiman & Jamwal, 2022; Pillai & Sivathanu, 2020). Studies have proved that customers have a positive attitude toward food-ordering chatbots. However, the positive attitude toward the problem-solving skills and anthropomorphism of food-ordering chatbots seems low (Hsiao & Chen, 2022). Therefore, the studies have suggested that developers should pay more attention to enhancing those features since they have a higher impact on trust and satisfaction (Hsiao & Chen, 2022). Luxury fashion brands like Gucci, Prada, Louis Vuitton, and Tommy Hilfiger are using artificial intelligence-based chatbots for providing customer service and for marketing purposes too (Chung et al., 2020). Furthermore, some studies were done on mental care and health care chatbots too. Those studies have found chatbots in the healthcare sector are widely used to track patients’ health. During the Covid – 19 pandemic China has established a chatbot to maintain the mental health of the patients (Zhu et al., 2022).
2.2. Theories Applied in Studying Chatbot Use
2.2.1.  Technology Acceptance Model (TAM)
[bookmark: _Hlk141489947]The Technology Acceptance Model (TAM) was developed by Fred D. Davis in 1989. The model is an extension of the Theory of reasoned action (TRA), which was developed by Ajzen and Fishbein in 1980. Scholars argued that this model was originally developed to study the adoption of technologies that do possess human-like intelligence (Solakis et al., 2022). Therefore, the two factors which provide the base for the intention to use new technology are perceived usefulness and perceived ease of use (Davis, 1989). TAM is a widely used and acknowledged model in the context of technology-related studies (Pillai & Sivathanu, 2020). Furthermore, it explains the attitudes of users toward new technologies (Abou-Shouk et al., 2021). Since chatbots are an emerging technology used in a range of contexts, for understanding chatbot adoption, user experience, and continuance intention towards the chatbots, TAM was considered a prominent theory to study the usage of chatbots.
2.2.2.  Information System Success Model (IS Success Model)
The information system (IS) success model (DeLone & McLean, 2003) is a theory that focuses on how system quality, information quality, system use intentions, user satisfaction, individual impact, and organizational impact are related to each other. It intends to give a comprehensive knowledge of the success of information systems. This model is established as one of the prominent theories in the information systems research domain. 
According to the IS success model, usability is explained as a system quality and the users’ perceived ease of use of an information system (Trivedi, 2019). Also,  usability is perceived as a valuable desired characteristic of the quality of a chatbot system and responsiveness is perceived as the predominant role of customer service (Chen et al., 2021). Responsiveness is a dimension used to assess the service quality of an information system.
2.3. Empirical Findings
2.3.1. Age Group
[bookmark: _Hlk141489989]Not many studies in this context have specifically investigated an age group or generation. Besides, even most of the studies that have been conducted based on age have also been based on Generation Y/Millennials. De Cicco et al., (2020) have specifically investigate the Generation Y/Millennials’ attitude toward chatbots. Furthermore, according to previous studies, respondents who have taken part in the studies belonged to Generation Y/ Millennials (Chen et al., 2021; De Cicco et al., 2020; Hsiao & Chen, 2022).  It can be assumed that the main reason behind this is that Generation Y is the most active age group with technology during the period of the studies (Hsiao & Chen, 2022). Chen et al., (2021) suggested conducting studies on chatbots selecting specific age groups since all the age groups are not familiar with new technologies and chatbots.
2.3.2. Continuance Intention
In the context of technology, continuance intention can be referred to as the users' intention to consume a technological service or item in the long- term (Jin & Youn, 2022). Thus, continuance intention is known as a key factor in information system success (Zhu et al., 2022). The term has been investigated in different technology and information systems settings including tourism, healthcare, luxury fashion brands, and food ordering. Jin and Youn, (2022) studied the impact of consumers' feelings of social presence, imagery processing, and psychological ownership on continuance intention and found that social presence and imagery processing have a positive impact on continuance intention. Consumer trust and consumer satisfaction have a positive effect on continuance intention towards the food ordering chatbots (Hsiao & Chen, 2022). When it comes to online repurchasing intention, highly experienced customers have a higher intention to purchase through online means again (Pappas et al., 2014). Most of the time, continuance intention or repurchase intention has been investigated based on anthropomorphism factors.
2.3.3. User Satisfaction
A person's feelings of pleasure or disappointment which occurs due to the outcomes or the performance of the website or the customer service is referred to the satisfaction when it comes to online shopping or e-retailing (Fang et al., 2011). It relies on the differences between actual performances and the expected performances of a technological service (Yun & Park, 2022). When it comes to repurchase intention, customer satisfaction has a significant effect on both highly experienced and low experienced customers (Pappas et al., 2014). satisfaction has been widely explored in studies on issues such as impact of age on purchase intention (Hsiao & Chen, 2022). Thus, satisfaction is known as a critical component of marketing success that has a vital role in enhancing the competitiveness of firms and satisfaction has a positive impact on positive word-of-mouth (Yun & Park, 2022). IS success model suggests that the quality of information provided by a system stimulates users’ satisfaction (DeLone & McLean, 2003).
2.3.4. Perceived Enjoyment
[bookmark: _Hlk141490044]Perceived enjoyment is known as an essential determinant of primary relevance to technology acceptance behavior (Davis, 1989). In the context of information systems, perceived enjoyment is referred to the activity of using a specific system that is perceived to be enjoyable, aside from any performance consequences resulting from system use (Ashfaq et al., 2020). According to the IS success model, the feeling of enjoyment usually generates a positive impact and encourages the adoption of information systems (DeLone & McLean, 2003). The feeling of enjoyment is important to enhance user satisfaction with chatbots. Therefore, in the context of mental health chatbots, the enjoyment that occurs through the interaction between the user and the chatbot is key to improving overall user satisfaction (Zhu et al., 2022). Users who experience enjoyment and think an information system is enjoyable possibly have a good level of user satisfaction and continuance intention (Davis, 1989). Furthermore, perceived enjoyment can be identified as an intrinsic motivation and it is a significant predictor which predicts both user satisfaction and continuance intention (Ashfaq et al., 2020). Perceived enjoyment is a key factor that significantly influences the intention to use robots and technological services in industries (Abou-Shouk et al., 2021).
2.3.5. Perceived Usefulness and Perceived Ease of Use
Perceived usefulness refers to the degree that a user believes that the usage of an information system or a technological service improves the performance of the purpose (Davis, 1989). Chatbots in tourism and hospitality are useful and make it easy to do bookings, reservations, and plan journeys (Dhiman & Jamwal, 2022; Pillai & Sivathanu, 2020). In the context of e-retail, perceived usefulness affects users' attitudes (Abou-Shouk et al., 2021). If a user believes that usage of a certain system would be effortless and easy it can be defined as the perceived ease of use (Pillai & Sivathanu, 2020). Furthermore, perceived ease of use enhances the users' acceptance of new technologies (Abou-Shouk et al., 2021). Therefore, perceived usefulness and perceived ease of use are key antecedents of user satisfaction and continuance intention (Bhattacherjee, 2001).
2.4. Conceptual Framework
[bookmark: _Hlk141490155]The purpose of this study was to examine the factors affecting user satisfaction and continuance intention toward chatbots. Previous studies on user experience, user satisfaction, and continuance intention have developed conceptual models based on IS success model and TAM  (Ashfaq et al., 2020; Bhattacherjee, 2001; Chen et al.). 
Previous studies have found that usability and responsiveness as two main elements of a chatbot (Ashfaq et al., 2020; Chen et al., 2021; Chung et al., 2020). Those two attributes had a significant impact on customer experience in e-retailing (Pappas et al., 2014). Perceived ease of use and perceived usefulness reflect the expectations of the users on technology-based applications or solutions (Chen et al., 2021).  In the IS success model usability is considered a characteristic that contributes to the system quality of an information system and responsiveness is considered an attribute that contributes to the service quality of an information system (Chen et al., 2021; Chung et al., 2020; Davis, 1989; Wu & Zhang, 2014). Therefore, those two dimensions are introduced to measure chatbot adoption. 
Studies found that the service quality of an information system has a positive impact on user experience (Donaldson & Duggan, 2013). Perceived usefulness and perceived ease of use of technology also had an impact on user experience (Bhattacherjee, 2001). Hence, this study investigated the impact of chatbot adoption on user experience of chatbots. Chen et al., (2021) suggested measuring the customer experience in online shopping based on intrinsic and extrinsic values because those factors clearly explain the user experience rather than the factors like price.  Therefore, the user experience is investigated by studying the intrinsic values and the extrinsic values (Donaldson & Duggan, 2013; Fagan et al., 2008).  According to previous studies, user satisfaction had a significant impact on continuance intention of many technology-related applications such as e-retailing platforms, e-libraries, etc. (Ashfaq et al., 2020; Chen et al., 2016; Cheng & Jiang, 2020). Hence, this study built the conceptual model integrating TAM and IS success model and extended the model with usability, responsiveness, and intrinsic and extrinsic values to comprehensively investigate the user satisfaction and continuance intention in the context of chatbots with reference to Generation Z.
Figure 1: Conceptual Model
[image: ]
2.5. Definitions of Constructs
Table 1:Definitions of Constructs
	Construct
	Definition
	Reference

	Usability
	An indicator of how simple a human-computer program is to operate in order to effectively, efficiently, and satisfactorily address a certain demand.
	(Chen et al., 2021)
	Responsiveness
	The willingness to guide/help a user by delivering accessible service promptly to bring about convenience.
	(Chung et al., 2020)
	Extrinsic Values
	The outcomes or the functional effects that occur by the usage of chatbots include convenience, time savings, and efficiency.
	(Chen et al., 2021; Donaldson & Duggan, 2013)
	Intrinsic Values
	The sensation of fun, enjoyment, accomplishment, satisfaction, confidence, and independence arises from the consumption of chatbots.
	(Chen et al., 2021; Donaldson & Duggan, 2013)
	User Satisfaction
	The positive reaction or feeling related to the user after using the service of a chatbot.

	(Fang et al., 2011)
	Continuance Intention
	The intention of a user to continue the use of chatbots or re-use the chatbots.
	(Dhiman & Jamwal, 2022; Fang et al., 2011; Jin & Youn, 2022)


2.6. Hypotheses of the Study
2.6.1. User Satisfaction and Continuance Intention
A person's sensations of pleasure that arise from comparing the perceived result of using a chatbot's service in relation to their expectations are known as satisfaction (Fang et al., 2011). According to Hsiao and Chen, (2022) satisfaction is the feeling that results from utilizing a product or service of information technology. satisfaction has a positive influence on customers’ intention to repeat their online purchases (Pappas et al., 2014). The main driving force behind a product or service's continued use is satisfaction (Dhiman & Jamwal, 2022). satisfaction is positively correlated with future intention, and it has an influence on attitude both directly and indirectly (Fang et al., 2011; Zhu et al., 2022). Customers' intentions to buy or keep continuing the usage of information technology services are influenced by both their positive and negative sentiments after using it (Hsiao & Chen, 2022; Jin & Youn, 2022; Wu & Zhang, 2014). In the domain of information systems, the link between user satisfaction and continuance intention is regarded as essential, and it is stronger in the setting of technological services (Ashfaq et al., 2020; Dhiman & Jamwal, 2022). Therefore, based on the above justification the following hypothesis is proposed.
H1 – User satisfaction has a positive effect on the intention to use chatbots continuously
2.6.2. Extrinsic Values and User Satisfaction
Extrinsic values of online user experience are recognized as functional effects of utilizing a technological or digital service and include sentiments of convenience, time savings, and efficiency (Chen et al., 2021; Donaldson & Duggan, 2013). The key attributes of chatbots that are positively associated with user satisfaction include accuracy, convenience, personalization, and process efficiency (Chen et al., 2021). Artificial Intelligence client service robots can assist clients in resolving issues and obtaining information more efficiently. They can also offer recommendations on purchases, assist with buying, and constantly update the database to satisfy the needs of customers (Hsiao & Chen, 2022). Consumers feel that purchasing online requires less effort and increases customer satisfaction since it saves time (Bakhshian & Lee, 2023; Pappas et al., 2014). Prior studies have shown that certain fast-food restaurants implement chatbots to help customers place orders for food quickly and accurately (Hsiao & Chen, 2022). On the other hand, a fashion company employs a chatbot that can suggest clothing based on the needs of the customer (Chung et al., 2020). Thus, based on the above justification, the following hypothesis is proposed.
H2 – Perceived extrinsic values of online user experience have a positive effect on user satisfaction with chatbots
2.6.3. Intrinsic Values and User Satisfaction
Feelings of fulfillment, independence, confidence, freshness, and enjoyment are intrinsic qualities of the user experience in the online environment, and they boost a person's desire to adopt the technology (Chen et al., 2021; Donaldson & Duggan, 2013). In computer-mediated settings, greater degrees of intrinsic enjoyment increase users' satisfaction (Bakhshian & Lee, 2023; Cheng & Jiang, 2020). Shopping enjoyment was positively correlated with online consumer satisfaction, according to investigations into the topic of online shopping (De Cicco et al., 2020). Consumers find interacting with chatbots to be enjoyable, and as they start enjoying the chatbot, they feel more satisfied (Ashfaq et al., 2020). Additionally, customer satisfaction may be measured using the fulfillment of intrinsic needs (Chen et al., 2021). Customer satisfaction rises when chatbots deliver a better user experience, giving them a sense of completion (Ashfaq et al., 2020; Hsiao & Chen, 2022).  Thus, based on the above justifications, the following hypothesis is proposed.
H3 – Perceived intrinsic values of online user experience have a positive effect on user satisfaction with chatbots
2.6.4. Responsiveness
Responding quickly to a user's request for accessible services to make their life easier is referred to as responsiveness (Chung et al., 2020). Moreover, the term "Responsiveness" can be used to describe how quickly a service is provided. It is one of the significant features of a chatbot that might vastly improve the chatbot systems (Chen et al., 2021). Users enjoy interacting with chatbots because they respond fast, are simple to reach, and are available when required, which makes them feel comfortable and important (Chung et al., 2020; Roy et al., 2018). Chatbots for service delivery are often accessible around-the-clock. Due to this, clients would gain benefits and enjoyment from making inquiries regardless of regular business hours (Chen et al., 2021). Users are enjoying the service of chatbots and are more likely to perceive a service as motivating when a chatbot is responsive. Chatbots offer rapid responses, are simple to reach, and are always on standby (Roy et al., 2018). Users can save time and get efficient service as a result of those characteristics. It provides people with a sense of comfort and worth (Chung et al., 2020). By adopting chatbots, people may benefit from perks with little effort and gain additional information (Chen et al., 2021). Thus, based on the above justification, the following hypotheses are proposed.
H4 – The responsiveness of a chatbot has a positive effect on the intrinsic values of the online user experience
H5 – The responsiveness of a chatbot has a positive effect on extrinsic values of the online user experience
2.6.5. Usability
Usability is a quality trait that describes how simple it is to utilize a human-computer interface to accomplish a certain task effectively, efficiently, and satisfactorily (Chen et al., 2021). Chatbots may help users feel as though communication is tailored to their requirements by giving them reliable advice, demonstrating that credibility is vital to satisfying users' wants without causing further issues (Chocarro et al., 2023; Shawar & Atwell, 2007). According to the literature, usability is contributed by perceived ease of use and perceived usefulness, which means easy to handle and useful Click or tap here to enter text. (Davis, 1989; Dhiman & Jamwal, 2022). Providing accurate information, doing customizations according to customer requirements, being easy to get along with, and being easy to navigate are some examples of usability (Ashfaq et al., 2020; Hsiao & Chen, 2022).
When a technological service is useful and easy to handle it improves users’ experience and enjoyment (Ashfaq et al., 2020). Besides, extrinsic values are known as the sentiments of enjoyment, fulfillment, and independence (Chen et al., 2021). When chatbots provide services seamlessly, it is pleasant and enjoyable (Chung et al., 2020). A study conducted in Turkey has found that customers feel more confident, and they feel happy when a chatbot is easy to handle (Hsiao & Chen, 2022).  Customizations help save time and effort for customers during the purchase of a product or the use of a  chatbot service (Roy et al., 2018). When the functionality of an online shopping website, such as availability, layout, page load speed, and ease of use are satisfactory, the users can get an efficient service and it saves time for the user too (Fang et al., 2011). Thus, based on the above justification, the following hypotheses are proposed.
H6 – The usability of a chatbot has a positive effect on intrinsic values of online user experience
H7 – The usability of a chatbot has a positive effect on extrinsic values of online user experience
3. Research Method
[bookmark: _Hlk141490320]This study used deductive reasoning to address the research questions of this study. The study was based on examining preconceived theories, testing, and defining hypotheses to investigate user satisfaction and continuance intention towards chatbots. Thus, this study is a quantitative study, following a structured approach (Sekaran & Bougie, 2016). Since the objective of this study was to study the impact of the factors on the user satisfaction and continuance intention towards chatbots, this study was categorized as an explanatory study (Kumar, 2019). The target population for this study was people who belong to Generation Z. Individuals who were born between 1997-2010 are known as Generation Z (Jayathilake, 2019; Shtepura, 2022). This generation is also known as the “Network Generation”. Besides, the Internet and technology play a major role in day-to-day lives when communicating with each other (Shtepura, 2022), and this generation is more tech-savvy than other generations (Jayathilake, 2019). Therefore, the target population for this study would be people who belong to Generation Z. The Convenience sampling method which comes under non-probability sampling was used in this study. The sampling method of this study is the convenience sampling method which comes under non-probability sampling. The convenience sampling method was adopted due to the limited time availability for the current study. The sample selected for the study consisted of undergraduates representing several state and private universities in Western Province of Sri Lanka, since most of the current undergraduates belong to Generation Z. The suggested minimum sample size for this study was calculated as 91, according to the Daniel Soper  sample size calculator version 4.0  (Soper, 2023).
In this study, the survey questionnaire method was used to gather data. An online questionnaire was prepared using already validated questionnaire items. Most of the prior studies on user experience, satisfaction, and continuance intention have adopted 7-point Likert scale (Ashfaq et al., 2020; 2011; Jin & Youn, 2022) and 5-point Likert scale (J. S. Chen et al., 2021; Hsiao & Chen, 2022) to measure the question items. Since 7 –point Likert scale is more reliable and less biased than other scales (Jin & Youn, 2022), this study adopted the 7-point Likert scale. When delivering the questionnaire, the respondents were asked to recall their experiences on chatbots after explaining what the AI based chatbots are.
Table 2:Operationalization of Constructs
	Construct
	Code
	Measurement Items
	Source

	Usability
	U1
	Learning to navigate through websites is simple with assistance from the chatbot 
	(Chen et al., 2021)

	
	U2
	The chatbot makes easy to use and effortless 
	

	
	U3
	The chatbot provides a complete solution to my problems 
	

	
	U4
	The chatbot is aware of the context during a conversation  
	

	
	U5
	The chatbot is able to solve my problems
	

	Responsiveness
	R1
	The chatbot replies quickly
	(Chen et al., 2021)

	
	R2
	Getting in contact with the chatbot is easy 
	

	
	R3
	The chatbot is always available when I need it 
	

	
	R4
	The chatbot provides credible advice
	

	Extrinsic Values
	E1
	The chatbot makes me feel that it is talking to me personally as a customer 
	(Chen et al., 2021)

	
	E2
	The chatbot helps resolve my needs without creating other problems 
	

	
	E3
	The chatbot makes me feel valued as a customer 
	

	
	E4
	I think that a company is innovative if it uses a chatbot 
	

	
	E5
	The chatbot helps me gather additional information on goods or services
	

	Intrinsic Values
	I1
	I like it when the chatbot helps me customize my e-commerce experience to my own liking 
	(Chen et al., 2021)

	
	I2
	I enjoy getting the benefits from using the chatbot with little effort 
	

	
	I3
	The chatbot is fun to chat with
	

	User Satisfaction
	S1
	I am pleased with using the chatbot 
	(Chen et al., 2021)
	
	S2
	I am satisfied with the pre-purchase experience of using the chatbot (e.g. product search, quality of information on products or services, product comparison) 
	

	
	S3
	I am satisfied with my overall experience using the chatbot 
	

	
	S4
	I would recommend that others use the chatbot
	

	Continuance Intention
	C1
	My intentions are to continue using the chatbot services over other alternative means of communication or searching tools.
	(Fang et al., 2011; Jin & Youn, 2022)

	
	C2
	If I could, I would like to use the chatbot in the future
	

	
	C3
	I intend to continue using the chatbots in the future
	

	
	C4
	I expect my use of the chatbot to continue in the future
	



4. Findings and Discussion
At the end of the data collection period, 131 responses were gathered. According to the results of the data screening, 125 (95.41%) of the total responses were qualified for the final data analysis. The majority of the respondents were females, and it was 57.6% of the total number of respondents. In terms of year of birth, 49.6% of the respondents were born between 1997 – 1999, which means they were born at the beginning of Generation Z. The lowest percentage rate was 4.8% which was recorded by people who were born between 2003-2005. The sample was composed of more respondents from government universities (81.6%) and 26.4% of the respondents were final year undergraduates. The majority of the respondents were using chatbots for online shopping (53.6%) and only 20% of respondents use chatbots for ordering out, such as food and groceries.
4.1. Path Model Analysis
[bookmark: _Hlk141490368]The research model was analysed using Partial Least Squares Structural Equation Modeling (PLS-SEM) approach as the research model is complex and the sample was small (Hair, Risher, et al., 2019). Path model consists of the measurement model and the structural model. In the PLS-SEM technique, both models are assessed to predict the possible outcomes (Hair et al., 2021). By observing the outer loading values of the indicators, the quality of the measurement model was tested. Outer loading values of all the indicators were above the threshold value of 0.7 (Hair, Black, et al., 2019). Therefore, the indicators adequately reflect their underlying constructs (Hair, Black, et al., 2019). 
Composite Reliability and Cronbach's Alpha values were above the threshold level of 0.7 (Hair et al., 2021). Therefore, internal consistency reliability was established. Convergent Validity is evaluated using the Average Variance Extracted (AVE) for each construct. If the AVE of a construct is above or equal to the threshold value of 0.5 (Hair et al., 2011), it means the construct explains more than half of the variance of its indicators. Since all the AVE values of the constructs of the current study were above the threshold value, the convergent validity of the measurement model was established.
[bookmark: _Ref146376902][bookmark: _Ref146376881]Table 3: Cronbach's Alpha, Composite Reliability, and AVE
	
	Cronbach's alpha
	Composite reliability
	AVE

	Continuance Intention
	0.910
	0.913
	0.787

	Extrinsic Values
	0.833
	0.834
	0.599

	Intrinsic Values
	0.784
	0.783
	0.699

	Responsiveness
	0.836
	0.839
	0.672

	Usability
	0.860
	0.876
	0.643

	User Satisfaction
	0.863
	0.868
	0.709



According to the Fornell and Larcker (1981) criterion when correlations between latent constructs are lower than the square root of their AVE values, it suggests that the constructs have discriminant validity. In other words, it indicates that the latent constructs are distinct from each other and are measuring different underlying phenomena. As shown in Table 3 the square root of the AVE of the constructs were greater than the square root values of the AVE of the latent constructs. Thus, the discriminant validity was established.
[bookmark: _Ref141568375]Table 4: Fornell Larcker Criterion
	
	C
	E
	I
	R
	U
	S

	Continuance Intention
	0.887
	
	
	
	
	

	Extrinsic Values
	0.650
	0.774
	
	
	
	

	Intrinsic Values
	0.691
	0.753
	0.836
	
	
	

	Responsiveness
	0.630
	0.677
	0.644
	0.820
	
	

	Usability
	0.555
	0.655
	0.648
	0.588
	0.802
	

	User Satisfaction
	0.755
	0.710
	0.750
	0.531
	0.694
	0.842


After validating the measurement model, the structural model must be examined to identify the explanatory power of the research model and the structural relationships between the constructs using hypotheses testing (Hair, Black, et al., 2019). The explanatory power of the model was determined using the coefficient of determination (R2). As a general guideline, R2 values of 0.75, 0.50, and 0.25 can be considered substantial, moderate, and weak respectively (Sarstedt et al., 2021). According to the findings, usability and responsiveness explained 55% variance in extrinsic values, and 61% of the variance in user satisfaction was explained by extrinsic values. Furthermore, 57% of the variance in continuance intention was explained by user satisfaction. Since all the R2 values were above 0.5, it can be concluded the effect sizes as moderate effects.
4.2. Hypotheses Testing
[bookmark: _Hlk141490390]To identify the cause-effect relationships between the constructs and to determine the significance of each hypothesis, the path coefficients and p-values were used. The 95% (p<0.05) level of confidence was used for hypotheses testing. Table 5 provides the results of the hypotheses testing.
[bookmark: _Ref141568352][bookmark: _Ref141568331]Table 5:Hypothesis Testing
	
	Hypothesis
	Path Coefficient
(β)
	T statistics
	P values
	Outcome

	H1
	User Satisfaction -> Continuance intention (+)
	0.755
	14.077
	0.000
	Supported

	H2
	Extrinsic Values -> User Satisfaction (+)
	0.336
	3.613
	0.000
	Supported

	H3
	Intrinsic Values -> User Satisfaction (+)
	0.497
	5.382
	0.000
	Supported

	H4
	Responsiveness -> Intrinsic Values (+)
	0.401
	4.357
	0.000
	Supported

	H5
	Responsiveness -> Extrinsic Values (+)
	0.446
	5.585
	0.000
	Supported

	H6
	Usability -> Intrinsic Values (+)
	0.413
	4.858
	0.000
	Supported

	H7
	Usability -> Extrinsic Values (+)
	0.393
	5.289
	0.000
	Supported



Figure 2: Structural Model with Path Coefficients and R2 Values
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4.3. Discussion of Findings
According to the findings, all the hypotheses of the study were supported. User satisfaction had a positive effect on continuance intention towards chatbots. The finding was consistent with prior studies (Chen et al., 2021; Fang et al., 2011; Zhu et al., 2022). It implied that Generation Z tends to continuously use chatbots if they are satisfied with the service of chatbots. Perceived extrinsic values of online user experience had a positive effect on user satisfaction.  This means the people who belong to Generation Z feel satisfied when chatbots provide personalized services to the user, provide accurate information, and use chatbots are effortless. This finding was consistent with previous studies (Chung et al., 2020; Donaldson & Duggan, 2013; Hsiao & Chen, 2022; Pappas et al., 2014). Further, intrinsic values of online user experience had a positive effect on user satisfaction. Accordingly, if the users are confident in using chatbots, using chatbots is enjoyable and the level of user satisfaction is high. The finding was consistent with prior studies (Ashfaq et al., 2020; Bakhshian & Lee, 2023; Cheng & Jiang, 2020). Responsiveness had a significant positive effect on intrinsic values. It implied that Generation Z feels comfortable and they enjoy using chatbots when chatbots respond fast. In addition, responsiveness had a significant positive effect on extrinsic values. Since chatbots are easy to reach and if they respond quickly chatbots provide efficient service to the user and it saves time for the user. The finding was consistent with previous findings (Chen et al., 2021; Chung et al., 2020; Roy et al., 2018). According to the findings, usability had a positive effect on both intrinsic and extrinsic values of the online user experience of chatbots. This means that Generation Z enjoys and gains a pleasant experience when chatbots provide their service seamlessly. Furthermore, they feel that using chatbots is efficient, convenient, and time-saving since chatbots help to provide more accurate and personalised customer service. This finding was consistent with previous findings (Chung et al., 2020; Fagan et al., 2008; Fang et al., 2011; Roy et al., 2018).
5. Conclusion
5.1. Theoretical Implications
[bookmark: _Hlk141490446]The current study integrated TAM and IS success model to develop the conceptual model for this study. The current study confirmed the integrated model with TAM and IS success model in the current context. Further, most of the previous studies were not specifically focused on a specific age group or the studies that had focused on the age group studied “Generation Y”. The current study focused on “Generation Z” in identifying the impact of the factors on the user satisfaction and continuance intention. 
5.2. Practical Implications
[bookmark: _Hlk141490467]The findings of this study have implications for practice. The findings provided a better understanding of the importance of using chatbots in business operations since the existing business world is dynamic. Besides, “Generation Z” is known as the digital natives who are extremely familiar with technology.  Therefore, the findings provide an eye-opener for businesses to aim for “Generation Z” as their target market and to develop relevant strategies to attract them. Furthermore, the findings showed a strong positive impact of qualities such as easy to handle and providing quick replies on users’ experience on user satisfaction. Therefore, organisations need to pay more attention to factors that enhance the usability and responsiveness of their chatbots such as user interface, personalization, and user waiting time.
5.3. Limitations and Avenues for Future Research
[bookmark: _Hlk141490480]The current study had several limitations. The sample consisted of undergraduates from state and private universities within the Western Province. Therefore, the selected sample and its size can lead to issues in generalizability. Future studies are recommended to use a larger sample that covers the entire group of people that comes under  “Generation Z” to provide more generalizable findings. This study was a cross-sectional study because of the time limitation. Conducting longitudinal studies using the same conceptual model to understand the characteristics of the target population more accurately is encouraged. Furthermore, this study was not focused on a specific industry such as banking or online shopping because of the difficulty of reaching the exact users. Conducting studies focusing on specific sectors such as banking, online shopping, and education is encouraged. The study only focused on two quality factors, usability and responsiveness which come under the system quality and service quality of the IS success model. Therefore, future studies are encouraged to study factors that come under other qualities such as information quality and individual impact.
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